A Case for a Shift From
Demographics in Targeting
to the Empirical Correlation
of TV Viewing with
Product Purchasing

by George Garrick

Do not quote without the parmission of the author.
©1984 Columbia Institute for Tele-Information

Columbia Institute for Tele-Information
(raduate School of Business
Columbiz University
800 Uris Hall
New York, NY 10027
(212)854-4222



A CASE FOR A SHIFT FROM LEMOGRATMUEICS
1IN TARGETTHC TO THE EMPIRICAL CURRELATION

OF TV VIEWIHG WITH FRODUCT PURCHALRING

GooTge Gurricl

Qotober 19, 19454

This paper was presented te the Columbia Univeraity
Graduate School of Business Couference! "Beyond
Batings: MNew DMrections In Audience Measurement
Response”

George Garrick is Executive Vice Prosident of
Imformation Begources, Too.

Resparch Worlking Paper Berles. #Hot fer citatdon,
gquotation, reproduection, or distribution without
writien permission.






The topic of my talk is the ernpirical measyrement of correletions betwenn TY
viewing end product purchasing. My objactive is to iflustrete that the use of
temographics alone in media planning can be guite fnefficient, and the
! praspects for improving upon targeting affictency through
: demographically-based techniques are dim. After covering some examples
whiich support this contention, M1 then proposs an altecnative system .1’131‘
measuring nudience coharscteristics based on purchese daca ralbar thae
Jemagraphic date antd macde passible cheougs aew slecieorny Lectsrbogy, amd
will show you some actual results taken from & recent study, 1 will 2lose with
a discussion of what is needsd in order for such an avolution in andience

measureiment methodolagy to take plece.

First, ! would tike to briefly review the details of the deta collaction system
thet we at Informetion Resources have asssembled. In each of 8 markets
across the country, we ha.ve installed UPC scanners in stores accmmtinr.i for an
average of 95% of grocery ACV. A sample of 3,000 househoids per market has
been selected to participate in a special panel. Each shopping member of =ach
panel household cerries a speciel 1D Card which they p-r‘eaent to the cashiers
upnn eheck out. The identification number i3 sntered by the cashicar, and all of
the penelist's purchases in all categories are cecovdal ot o epon ol

precision ahd detail not available theough any cimee data ediea U Dachslgne

For a subset of these panelists, curreatly a tatal of 6UUN aceans thae B nockeds,
special metoring devinas which cecord sat tunimg by 5 senon intacvals Dave
been atteched to their television sets. This provides conbiros Jdata on set

status which can be translated into daypart ot prograom  infonmarism



Imipoartartly, the same householids ars Lused for the collention of purchasing and
viewing, and both types of deta are collected vie electronc means, What we
offer hete is rmt an alternative {o some of the syndiceied data bases that
I-currently exiat, but a significant advancement in the inherent data quatity ard,
z as a consequence, the introductiion of cxciting mew applications,
Specificelly, pucchazing information collaered vie syndicabard surveys can be
proven Lo have accw canges ofr fhe oeder ot MM-SO0% . Al thase aepore
ranges are nol consistent across categories.  Theeefore, if & catogory with s
reporting error of Z00% is compared to a category with a reporking error of
0%, the resuits will show differences which o pot necessartly reflect
differences in purchasing patterns, but simply differences in consuimer recal!
errar for the two categories, Simdlarly, the use of meters rather than disries
provides more accurate viewing informetion, although it is currently {imited to
the househald ievel. However, this limitation can be overcome through
I_;ar:hniquea that I will describe later. Finaeily when we shift to the use of
pevple-meters the inconvenience of household-level date  will disappear

completely.

The continuity of the data iz slgo ropartant, sinne wo Dimek ioforpation 565
Jave a year, rather than report on only an anonal or serosuneasi basis, Sud,
dats \re avallablo with o tetseouned fome nf oondy g fow o, aroviding
information in & timely fashion  Having hoosidly  given o0 anough
background ar the aystem, | would like to now el abo the dopic ot awdenoa

- measurernent,



There are two basic types of TV audience ineasuraments that one must obhain,
First, it is importent tc measture the size of the audience, of the smnbor oe

propartion of households or individusls wakching a given progtam of & given

[l:laypart. This is done through rating and share measures, Second, it is

]

iirn;:u:u‘i:samt to measure the fype of audience, which is curcentiy expressed in

terms of demoegraphics. A program with n aigh rating is not necessarily s qood
grogram tn advertise ot onless §f also delivers Ehvw aporopitote type of viewer,

¢l el
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Pt For the mast pert, dermographics ave coesmily s osormogoie, -
importance is the propensity of the viewer to he likely ©o guechass e
advertised brand. As an extrems exainple, if you are advertising ont foomd you
would like your ads to reach househclds which have cets, regerdless of their
demas. But currently, one atternpts to cheracterize households thet are inost
likely to own cats, and individuals who are most likely to purchase cat foods,
in terms of demographics. Fhen, by choosing peegrams which reach thoge
demaoqraphic éudiances, it is hoped that you will e doig s muee sfficient job

of advertising cat foed than if you simply advectised 1L randomly.

It is this second element of aucdience measuvement, the type of widiehce, thad
1 witl he concentrating on. It is much simpler to omeasure the size of an
autience, and there ueg sevecs! cormpuaries thadt by Baen o vii o snine
time as well &8s some new antries an Bhe boizen While s v o netbs wnil
certainly continue te avabvein rmausucky awdience gizy, e 200 b higyest

apportunity for advertisaers is in now the bype of wxdisnee s oneasaced.

We believe that thers will be an irnportent measorement anifo froon dhir ke of

demographics a5 a surcngats ko the direct maasuramrs:nt of uechass hehnsinr



in classifying sudience types. While this will not heppen overnignt, | hope to
flhystrate to you that this is certainly a desirable goal, and given time, thig

shift will come shout.

. Annually, advertisers spend over 12 hillion te advertise package goods,

W s ke r——

ereating over 5 trillion hougehold imoressions. Some 2,000 brands in 500
catagories advertise on television in & qgiven yeat, Yet, if one lonks &t how
this advertising is targeted, for ihe oaost part each of fhesa 2000 braseds
advertises to one of three demographic seginenis. And FU% of that advertising
is directed simply toward edult women. Sometimes it is women 18-49,
somnetirne 25-54, and sometimes total adult women, but sssantielly we have
2,000 brands each advertising tu basically the sarme seyrient of adult women,
(Actusally, there is relatively little differsnce in an 18-4% vs, a 25-9%4 racget, as
will be shown later), It simply is not logical {o expect 3 or 4 highly correleted
zlternetive dermographic definitions within the adull women segment to he

adejuate for optimizing the targeting for each of these 2,000 brands.

Rather, for a given brand in a given category, there is a particular mix of
prograrmniming which will be most sppropriate for that brand, whiie the bast mix
of programming will be iifferent fru sotr: uihac beand, cither in the garme ar
different cateqorey, And thase ars giffecsnces o niogracyning srhich canpok
be Wfentified by iteenographing. [t is easy o ilbskreats thad o awy dewogeaphin
gegriant, significant differences in purcheye pmpénsii.y exista
o)
What typically is found to be illustrated he[‘e.‘.ﬁmmng ali wornen FH-49, IF ywo

cHtegories are examined 4 segments will emerge. There will be asagmant that



purchases neither of the two cetegories, two segiments that sacht by une
cateqory but not the other, and & segrment that buys both. Nurmnerous exemples
may be obvious such as health aid nutritional foods versus junk apd snack

i foods, or frozen meals versus baking mixes, cat food ve, dog food, and so farth.

¥
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" This next chart shows sctusl data taken from a recent analysis conducted for
phe nf our major clients, Vwo categonrias were examinetd; and sre devotfod here
At in the subsequent oxhibiis sioly #s categocy 1 ann aodegory 2, The
nurnpany’s brands In both categories have defitied wurmnen 25-54 a3 the pEirnary
target segments for media purposes. And importantly, syen though fhese
categories have virtusily the seame dema target, they sre soinsewhal
supplementary products in that heavy users of one tend to not be heavy usars
of the other. (Butter and margerine ar examples of two such categories.) Vhis
exhibit shows 4 columns with cach column representing housebslds cleasifierf
on the basis of age of famale head. For each category, the chart shows the
percent of househoids within each age segment wiw purchase that rategory in
six months. MNote for both categories, although purchase incidence is slightly
higher within the under-55 segment, the dJdifference is not that grear. Fhe
gepatratinn of female heads into a 35+ va. an urder-33 grouping simply Jorg ok
dn A very gqood job of separaking households o Do hasis of thelr proegonsily to
purchagse each of thaese categnoes,  There is a stysifioant propoction of Guyors
within the toP-taret age qrm.m,"an.'.i pogigniFicant peapnetion of aon-buyecs
within the Larget adge goonps.  (Ois geaeral tesole can e shown o rnost
categories end brands, Gne way to tey o improve upon Chis is by using sevecai
demographics in describing the target audience. For Cetegory tin ihis

axample, there is n more specific target descriprion used in strategic plonniayg



which is houssholds with famale heads age 25-84, 3 or more members, and

incormes of $20,000+.
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El-'lere we are comparing that pariiculer segrmeni to ail households who do rot

i

fit that description. As you can see, the purchase incidence is 23% higher
within the terget seqgment. The naext measure here is pints pucchaser] per
buyer in & six month pevind, which can Le senein b be 28% higher. [ soomdect
JF peccent huaying times pinta ger neyse provides o measure of per eseits aeles,
from which a sales index veesus toial households can be cosgpubed wilhin sush
segment. Within the target segment, the saies index is (.27, comparod (o B3
among non-target households. Thus, overall per capita sales of rhis cetegory
are 53% higher within the terget audience. 5o far, this is 2 step in ihe right
direction becsuse the per capite constingtion index is much higher within the
target audience. However, by edding sdditional variables ape ends up ceavvimg
nut & segment which represents a smaller prupur{icn of the total LLS. Az Ehis
next line shows, this target segment actually represents only about 40% of «ll
households. If ons computes the actual percentage of category sales ohtnined
from househoulds within sach segment, it turns out thet about half of catagory
sales are ohtained from haouscholds wiw are net within the target ssgrent
definitiuﬂ.. Fherefare, even thoogh the prelakive purchasing s ovach Dighor
within the tacget audienae, ihe fret that it iz o celatively small nionocilon of
the population means ihat Palf of the catogory sales potanitial i sedwed by

nencentrating o that turgel descoivtion, Well, what e be deme aboui; idés?

Suppnse we are trying to classify buyers vs, non-buyers of this ar any uther

produet.  You will usostly find thet both buyers and non-buyers ionluds womaen



of all ages. Thus, age and sex alone do littls good. If we were to go oul and
conduct extensive tesesrch to lesavn everything we could about buyers vs.
non-buyers of any product, and ook at a wide variety of demographics as well

|-a5 attitudes and lifestyles, we would certainly find differences. Bifferances

Ehave Lo exist, because if the two groups were identical, then they would not
" differ in purchase behavior, There mist be some factors which distinguish
these groups. Tt is just that the factors ere ool not always known,  Therefore,
twa such agroups pre differcot in terms af boying palierns, aed Ehese arae
presumstly a fumclion of differences in dernographics, aliotisles, litestyles,
etc., then why would one expect them to have the same TY viewing patterns?
Given that two such groups can be shown to differ with respect to buying
patterns as well as other characteristics it is not unreasonable ta =xpect that
there probebly are also differsnces in preferences for uectain ielzvision

programs.

The resuit is simply illustrated in this next exhibit. {{f yeu look at a given
category that tends to be purchased by, say, 6% of =!I women [8-4%, and
identify all progrems that deliver strong audiences of women 18-4%, this is
what you will find. Out of all progrems that deliver warnen 1B-49, they do not
always detiver tharn in the same proportion of buayers vs. roncbugyaes of Bhst
catagory. Certain shows, as n this example Shew B, will dslives higher
concentrations of categonry I]uy!-‘:rﬁ.th&n wiil ofhec stiows, Byen Lhough thadir
audience demographics ace the seme, [t is literally impossible for svery
program to resilt in the vesuft the same propociion of ingyers vs, em-buyers.
And, there is no reason to believe thet such differencs shodd oot be

congistent, After all, only age and zex are used o define program audiences
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1 one were to teke Show A and Show B and compars  all avallabls
dernographic, sititudinal, and lifsstyle inforamation eboutr theic sudiernces,

differences between the two would eertainly emerge. Therefore, why nob

expect to see differences in purchasing between the audiences? The preblem

}
bath here and in the previous examples is that we simply do oot Jae encugh

descriptors to distinguish between buyers vs, non-huyers of a jiven product, or
viewerrs af one show va viewets of angthet show., And b oy ways it is a
nnesalvabla problest because aven if one ceotd detecpiine all of the variablas
needed to accurately preaict such differences, the proeess wonld he incradibly

complex.

Fortunately, all of the intermediate veriables can be circumvented by simply
taking an empirical messurement of how viewing carrelates with purchasing.
The measure we use to do this is called a laverege index. The levaerage indax
is simply a retio of purchasing within H- specific audieﬁce, such as the sudience
of a particular program, vs purchasing for all households, A leversge index of
125 means that per nupité conswimplion within that particuler sindience is 25%
higher than average, An index of 80 means thal per cepite consumprion within
the audience in 20% less than tie average., Back to our prewviuis uxidbik, Show
A had & Tow leveraye indsx, while Show B had A high indes, e, ieey Doy Lhe

saine demagraphics,

A few important cornrments sbout the leverage inch:x is fesk, i iz A
per-rating-point 1neasice.  Thai is the teverage index is doos acil ealnte oo
program raking. It is a relative measure which needs In be appibad o ihe

program's reting, It is alise an additional piece of tnformaticn, nat o substituge



for information currently wuserdf in evalueting programs. Yhis is o very
important point to stress since we must stitl consider audiznce demogeaphics,
ratings, GRP™, cost aml other Ffectors in evaeluating sany program. The
E-ievaraga index is simply an additional piece of information thet cen enable us
itn meke more efficisnt media decisions. Finally, the leverage index currently
fis u household measure, since we do not yel distinguish =ither viowiing or
purchasing on an individual bagis. MHowever, that is not a severe limitution, if
une has A target sklience delipitinn of women 24-54, thoe (nheoeol assiunpbion
is that the likely purchasers are women 25-34, Therefore, one would expect

households with women 25-54 to exhibit a higher purchasing level for that itemn

than nther households. [n other words, purcheses made by individuals will show

up in purchase dete measdred at the househeld level, and that is the key

element of informeation we will be using.

The next chart is scatter plot of the coreelatinn that exists bebwsen the
incidence of wornen 25-54 within a program® audience and the leverege index
for cateqory #1. Each dot represents a netwock TV program, and these results
are hased on the first guarter of 1984, The figures on the left scale are simply
women 25-54 per hundred TV viewing househnlds, and cepresent 2ach programns
average audience as taken directly from che anationsl catbng saople,  fhe
laverage index on the bottom scaic is the leverage  bmfex thal oy Poave
computed from identifying hauseinids who sogulavly tone inbo these oeogiams,
and indexing their previous six month's enasamption for ootogory 1 vs. the
average level of consumption acress all househalds, f brands by this caieyory
are tergeted towards women 25-54, prespmally the sxpectation is thet wormen

2454 are more apt to be category buyers. (F that is the rase, the purchases of
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these waormen will show up in their bousehold's date. Wa should then see a
positive correlation. For this type of analysis it is not necessary te have
individual purchasing data. As you can zee from the exhibifp there is only o
.sliqf"ut positive corretation batween the incidence of women 25-34 and the
leverage index. The correlation coefficient is .38 yislding an F'l'2 of 4%,
tneaning that the incidence of women 25-34 explains only 14% of the varistion
in the ieverage index. lL.ooking at thes: cesciks in s Jifferent manner, if one
selecis a given ncidence cange of women 2554, nedhops 442, with thag
demso profile there are programs with o bhigh leverane index and g'armjrﬂm-:. with
5 Inw leverage index, In faet, for any given sudience composition there exists

& significant verietion in purchase propensity for a given categery. 1herefors,

. once 8 demographic criterion is established, by concentrating on the programs

which in addition deliver higher leverage indices, one is better off.

This next exhibit provides the same information for Cateqory #2. bk this case,

L - )
we have actually & negative cortelstion yet & sunilar .  The negative

’ cnrrelatiun- doss not mean that the client should choose shows with a low

incidence of women 25-54, It just mesans that thers are many other fectors
determining the purchasing petterns of this categury. Agein, if one {ooks at a
given incience of women 25546, say 48-45, there is a vaciakine of a jrw af 72
to 8 hugh of almast [30 in the index. (Cleacty, onee the demonraphic oriteria

are astablishad, the wusze of programs with high indices s goimy o0 oe ore

efficient than the uge of proyrams with average o low ndicas.

We have ipoked at this sort of corralution across pemerous cabagocies,

roreelating each ceiegery's leverage index with the corresponding farget

7113



audience incidence end have consistently found little or no correlation, Bug |
don't think this is surprising, since For the most part avery adveitisad brand
and category has pretity moeh the same desired detnograpiiic tacget audlence.
!Ynu are either targeting towaords women 184#9.and= women 2354, which

i correiate to each other with a %7 coefficient as can be seen here. if, those

[ R yar—

dermnographics always offered good correlations with the propensity Lo purchase
=ach nategory, it would suggest that all product categoties sbe  oositively

corrolabed with each other, a vesult which obwiously s ot the nnoa,

Therefore, diven thege results which show a failure of democgraphics Lo
significantly discreminate consumption patterns, plus the praceding date which
show the inability of demographics to do & very good job of kdenlifying which
progrems deliver buyers vs. non-buyers of any category, it seems that ihe
desircability of using purchase dete directly in the selection of orograms for
gpecific brands or categories is obvinus, Bui his does not rmean that viewer
demograephics are unimportant. Only thet purchase rdata should be included in

the analysis.

tHowever, aven though these results would replicate thaimselves over and nver
again far riumetous brands and categorigs, mmd otz supporiat by dala othes
than our own, there 15 some bagic cesistance in Ehe industey foospgressively iy

te shift to the increased use of purchasa dats in msking owedio decisions,

Baclk in Japuary, the EMREC held a Nerds Oefinition Coanference witn the
objective of defining short-terrm and long-term key needs in 'Y adience

measurement. Cne of the needs that came ouk of that conference claseifiedd a3



"rnst pressing” was extended measurermont of individisals, This is a rred that
is note restricted either to demegrephics or product usage Gut is just a need to
heve individual rether than bousehold deta. This is 8 need that we certainly

!agree with, and our future plans call for & shift from households Lo persons

i mgasurement, Therefore, no more discussion is required on that point.

[

However, the avaeilsbility of smore derpographics recieved a  raling of
Nportant”,  And, the result which really sueprised e, bhe aindity 0o oponitor
product usage was classified es "east bnpochond'. e, in the face of very
strong evidence thet the use of demographics slone in edia plenning has
timited value in terms of efficiency, ang thai theoreticelly the use of product
data wouid offer significant improvements, s collective grouws of industry

experts still ended up with a consensus that aaid the objective both shoet and

long-term shouid be to strive for mare and hetter demographics, pitting
product usage on the sideline, Thig is particulacly ironic since most of the
major peckaged goods advertisers are currently working with us in funding
research with the objective of developing e system of media plenhing and
execution that is based on product usays. Butk, when representatives of some
of those same advertisers were assembled with a group also representing

agencies and networks, the rofleciive ernphagis still caine b ot dermoegraphtes.

HMow, even though a lacger sarpple size aiw! rore fesunhses Lo demagraphio
questions willoffer more detailed demograhics, there is little o gain froem it.
There wiil stiil be purchase differences within Jdermagrephic  segioents,
regardless of how demuagrephic segments are defined. And, the use 3f mhare

demos in defining a target segments will result in segments that represeni
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smailer sources of ectual sales volumes, and additionally will complicale the
whaole planfiing buying and execution process. 50 why s ihere such an

attachment to demographics?

It seems that for cne thing, demographics bave 20 or 30 yeers of momenturn
and tradition behind them, end the industry is comfortable warking with there,
All of the current systems ugad in planning, boyirg and oxecuiiieg wediy are
damogrepiticel ly based, and sy systetn which wrebd rpintrolze crephasis
demographics awl inckease pmpihesis oo puechasz2 eta woold cequive Likerally o
complete restructuring of the whole system, @hus, even conceptustly it i3 not
at al} an easy shift to make. Finally, we are finding that when we introduce
this concept, it immediately creates an expectation of a perfect product, or a
perfect alternative to demaographics which is availabie now and that siinply is

nat the case.

Instead, 8 gredual evolution is going to hie required. It is not goimg fo be an
overnight development, but we have to have a sterl somewher, An evolition is

required, and as we see it it might go as follows.

First, there is no doubt that we nead B eonbinnsily impenys cacrent e ooy
by cnrﬁing up with systems for fevaloping beihoe dats of the saoie typa, This
includes the continued ose of lecographics, the shifk towicods electronics in
measurement, and the shift towands persons measurenent cather  Lhei
household measurerent. A majed advancenwht heee s hagol eo b the people
meter, which rmany companies including ourselves ciirrently bavi: in test, The

progress in these arees should cerbainly continue, but simviltaneoisly we should



stert investigating new methods which used new types of deta aven though
they are only beginnings, While we are still improving the curreni meiheds,
we can ak the same tiine concieve and begin to develop sntirely new systemns
which inay uitimetely louk nothing like the systemns that are currently used

, today,

T ek e oy

L‘Jﬁe particutar evolution scenario might be as follows. The uitimaute objective
wmild be to obtain slectronic data on viewer purchasing. This wouold be
accurate, electronic daia from a campletely representative saingle whinh
correlated individual viewing bshevior to the same individuul's purchese
behaviar, 1f that could be achisved, one could argue that there would be little
if any use for demogrsphics. One could directly correlate invidual viewing
with individual purchasing and rnake media decisions on thet basis. But that is
obviously not going to happen for sometirne. So let's go back and lonk st
where we came from, whers we are now, and where we might be able to go in

striving toward that ultimate objective.

A while back, household demograghics were used in defining audicnce
characteristice, This eventually ehifted re viewer dermogrephics with the
recognition that people not househalds buy products. Viewer f_‘fﬂ*l’.nﬂll‘:]l.‘ﬂf.'!f'tif:li B
naow being combined with gqeporaphin breakdownsg, and Hmdbed uso of cortain
types of other deta a3 s slight enhancement En what viewer dererjespiiacs
alone can provide, F ulinﬁinq this trend, it szems that if we can adib hocsainnld
purchasing dats to viewer dJdemograghics, this wold be the ot oasily
achieved next step, although certainiy not the ultimats scilution. Iﬂl:ﬂ_& vhat

nothing is being removed from the previous phase, which is the curraint stake



of the art, We are simply adding household purchasipg to what is cucrently

available,

IFinally, we hope to eveptually shift from viewer .ﬁﬁn‘lﬁﬂ combined with
ihausahoid purchesing to a system where we can collect persoh viewing
!directl}r, frormm people meters, and purchase date for the same individusis
theough ID cards that are coded by individual rather than hoisshold. But this
uitimake shjective is nobt ooing lo be achieved overnighc, An evolufion s
required, and we believe pow is the time to beygin shifting in that dicestion
through the use of household purchasing in conjunction with everything else we
already know about TV audiences. This does not mean that we or Hnylﬁmdy alse
can yet offer flawiess househeld purchase data with which to do this, Within

aach step there must be a beginning and a continucus trensition thiough that

part icuiasc step with respect to data quelity and sample preojectability.

l.et us now taik about exactly how we can o about beginning Lo incorpotsle
household purchasing with viewer demos and illustrate the power of this
approach. Demos are first viewed as a necessary but not a sufficient targst
description. That ig it may well be that if un individual is going to meke &
purchase of your brand, there Is e high probability chai ihat indivicual iy NIIG,
ke be a woman 18-49, or 2558, However, not avery woman TH-4% v goory
womehn 25-34 iz going ta he a potential purchassr. P, we Gan ey sdin
demas as & necessaly crtiteria hut then differeniiate oie stes fopthaer with
information on household pucchasing petterna. Thus, f you are advesbising
spaghetti ssuce and your terget audience ig women 18-42, you ace bertar off

reaching a woman 18-4% who lives in househnld that purchases spaghetti sauce



than you are reaching e woman 18-4% who lives in e household that does not
consume spaghetti sauce. linder thiz approach, household-tevel purchsase data

is quite adequate.

Mow let us talk for a minute about the typss of classifications that are

I
I

£

available based on purchase behavior. [ have generslly beén taiking in terms
of  cakegory buyers vs. hon-buyers which is the most ofyvious  ldkisl
clessification, bul it is certainly not slways the corvsci classification for
every brand. [ omay be that you are specifically targebing ads against cuiirent
category non-buyers with the objective of expanding the category. However,
in most brands the target would be a known category user, so { think that Ehis
objectiveis fine to illustrate the techniq!.le. However, it is irmportent Lo
realize that with the scanning data that are available clessifications can be
based on brand buyers ve. non-buyers, brend loyel buyers va, deaifprice
genaitive buyers, buyers defined iy certein types of qrocery shopoing putioens,
or any combinations of the ebove. f{he lrmportent Fact is that however you
define your target ip terms aof huying behavior, a household can he classified os
either fitting that behavior or not. Furthermare, they can be classified as
axhibiting that behevior on average, sbove average, or below aversne. nce
the behavior ubjeclive 5 defined, 4 leverage indzx Tor sach household can be

vomputed which expresses the axtenl Lu which that housizhold gxhibits that

will then heip sort out program atternatives.

The next few charts illustrate the effect aof leverage on audience compositing,

in this example we have a program which delivers an 8 rating against wonen

I



24-54, which is for this example the terget audiencs, {_et ug sssume that the
target segment we are trying to reach represents 30% of sll households with

fernale heads aged 2554, For instance, perheps half of alt such households

Ipurchase the category. The fact is even though this progrern delivers an 8

i
]

L4

rating ageinst women 23-54, anly half of those women live in households who

purchase the cetegory, Advertising to the other half Is essentiaelly wasted,oc

st of ininirnal velue, Thus, this program dalivers 4 rating againat women

25-54 who sre algo within the targes uying aeguoeent,  Thiv nesd b shows ,g

the effect of leverage. l_evecage, again, s sirnply the relulive incidencs of
the desirsd buying behevior within the demographic audience. Thus, with a
leverage of L25, a program with an B rating against wornen 25-54 aciually
delivers a 5 reting against women 25-54 who ive in househoids that purchase
the categary of interest. in oontrast, with levereqge of .75 8 program can have
a similar B rating but deliver only a 3 rating against wamen 25-%4 who live in
households that purchase that category. Thus, these thres programs look
identicai es far es dermographics are copcerncd &ﬂd wotld cost you the same,
but program B will be much better than program O in this particular category
since it delivers less waste, Similarly, differences in {everage cen compensale
for differences in total rating. Here you can see thet a program with onty a 7
rating but a leverage of .25 will deliver the same celevani au:dlienns as a
prograrm with an U1 ratiog and a leverage of 750 Fhe use of leverage ohmaely
has a sigpificant impack on show seleclizn Nexk, © woald dike Lo deow yan
some actual results for the sonolysis wa did on Catogory L Here yol sie the
highest and lowest 3 programs for thia category s terns of leveradge Laofex,
These programs were six of the dots you saw eartier on the scatter plot, We

have an average index of about 115 for the high shows and about 73 for the low

n
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shows. The high shows in this example on average provide a 0% higher index
than the low shows. This is &8 very significant differermé.
L

MNext, iets look at the Cateqgory 2 indices va. Category |, Here we have the 3
highest end 3 lowest programs for Category 2 in the first colurnn, and
alongside have listed the corresponding indices For Categery |. #noth of ihese
cateqorics have the same women 25-54  targek mundience  for nstwork
television. Yet, the three shows that delivered the highese index e Uadagory
2 deliver a very tow index for Category |, and the § progra:is thai sxiitit the
lowest index for Cateyery 2 deliver high indices for Cateyory . Also shown
here is the demaographic incidence of women 25-%4 in each show, which an
averaqe does not differ that much between the two groups. And, if one
compares "Days of our Lives" on top to "Loving" at the bottom we see an
almast identical demographic profile but 8 total reve-rsﬂl in the afficienny of
gach program in reaching households with consumption patterns for Category |
ve, Categary 2. Clearly, this information would heve irnportant implicetions

for this client regarding which programs are allocated from network inventory

A

We alsn tnok a igok at the average irskex actually achisved in the Do od's

tn which brands.

sehedule, This exhibit shows I-':ranrj M, owhich is thee client's Wakagoey 2 %eamd,
listinng its prime time advertising schedule for January, {984, Sor ek
program in which an ad appeared, the correspondiimg indax for Caigogory & s
shown., On average, the brami's January privee birne schedube achieverd an

index of 02,
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70

Here are the same results for brand X during daytime in January duwring which
it achieved en everage index of 06, As you cap see, without taking purchase
data directly intc aceourt, this brand achisves an everage leversyge. We. have
examined dozens of brands in this mannetr and have found thet in most
instances, brends currently aversge a leverage index of between 25 and (U5
This is not at eil surprising since purchase date are not used directly in
Heveloping medis schedules. Only dermographics sre used, and you saw sarlier
how ineffective they are in discriminatiog the purchasing of  peodtaim
audiences. MNote also that this chart shows the corresponding incidence of
waornen 2554 for each of thé programs used in this brand's ad schedute, and the

averaqe is 4.

To illustrate how leverage could be used, we then took this schedule, looked at
ather programs in this company's netwark inventory, and rearranged the
January schedule in such s way that we axcluded a few of the shows with low
indices and replaced them with programs with high indices, put did not change
the demographics. The resulting hypathetical schedule is shown hero. Notice
that we have increased the average leverage from 00 to 112 whils the
av;erage incidence of women 2554 rermains essentisily the same, in fech, it

actually decressed slightly to 3%, The immportant factor is kthab shieply by

malking a few reasrrangements in which pacticular programs wace (milized, wi

have achieved a 12% effective invreass o advestistony diodivery 9 onbegory
buyers. This is the zame result that would have boen sehieved By s 2%
increase in the ad budget, For example, if this brand speads £10 million
annually, thia rearrangement of programs to increase leverege would have the

same effect as a $1.2 million increase in the brand's ad budget in terms of how

4
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many gross impressions are actuasily delivered to cstegory buyers. [n
rearranging the schedule, it is important that other constraints such as cost,

dernographics, (3Rf's, eto,, are still maintained. However, we have been abie

! to do this without very much difficolty,

Finelly, let's take a laok at some of the cost implications. !lere we sze the
aversge network cost per point agalhnst wnmen 2554, which s $2400,
Howaver, since the targer audience is buyers of eatequry §, and aot all
households purchese category |, we cen divide the total cost per point by the
frcidence of category purchasing to compute a cost per puiht against women
24-54 who buy Category | and find that it is $4,000, Similarly, Category 2 has
a lower purchase incidence so the cost per gaint against women 25-54 who buy
Category 2 is $5700, Therefore, although we da not wank to give up our actual
budget constrainks, we can now work to maximize efficiencies in temins of
buyer-adjusted cost. This next exemple shows how dramatic a difference

betweaen two thows can be.

(/2

A

"Days of Qur Lives" end "Ryan's Hope" each exhibit & fairly similar incidence
of women 25-54 per thousand viewing households. [herefore, as far as the
demographics are concerned  these two piograms ook celatively sisnilar,
Furthermore, the cost per anint against the tavget demograchic audicnes iz
also fairly similar for these two progeams, and so for =ase of tHustestion T oam
uging the sﬁme number., Now, suppose that the advertissdbrend is m Llatogory
2 brand, If we sssume that each program has sverage leveragpy, we can add oz
this chart the cost per point against women 25-54 who pucchase Cajsgory 2,

which is $5700 from the previous exiiihit, Bub these progrems du nold each

'3



exhibit the same leveraege.

Az you can gsee, "Days of Our Lives" delivers s leversge of L3247 against

!Categur}r 2, while "Ryan's Hope" delivers a leverege of .7]. [f these indices

r

¢

are divided into the cost per point per category buyer, you find that the actual
cost per point egeinst wormen 25-54 who are category buyers for "Duys of Our
I_ives" is shout $4500, yet it is $8DU7 for "Ryan's Hope'. tven though these
twn pragrams look alrmost identical with resgect o Jernagraphivs amd Eotal
cost per paint, the cost per point aygeinst women 2528 who buy UCateyory 2 s
aeimost twice as high within "Ryan's Hope" va, "Days of Our Lives". [ is not
difficult to see how, at lesst conceptuaily, the use of these kind of data in
planning and allocating program  inventory can  dramaticeily increase

efficiencies and minimize the cost of reaching the desired type of buyer,

Obviously, if this Lype of appruach is to work there must be enough variation
in the leverege of varicus programs such thet it is not slways the same
programs that ere desired for all brands. But, that would not be expected
anyway because if so, it would imply that all categories are correlated with
eaech other, This next exhibit shows the leverage indi;:es for 5 cateyories for &
selected deytime prograrms. The target audieocr Toe sach of Hese calagaries
is women 25-534, but you can see the wvaristion thak exists in the levarsys
index. The f[irst two categories are somewbat comdfeagentary since the
programs that are good for ane are not guod for Ehe other, and vice versa. For
Crtegory 3 we have a mixture, Fnor Zategory 4, nete that although thece s 5
variation across the shows, ali of the shows index high. This cevesls that

daytime programming in general offers high teverage for this entoyory. In
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contrast, in Dategn.ry > most of the programs index low, indicating that
daytime progremming getereily offers low leverage far cateqory 5. Although |
have not discussed it here, we have found that the concept of leveraqe applies
gilsa to choice of dayparts, network vs. independent stations, and other

alternatives,

The reasen | have coimentratesd pehinacily an individuel progeacns (B hacaise
given the way Ghe induscey {s cuwerently stouctared, the nost wonrediste
application of these data s in allocation of network nventory. This is an area
where advertizers and their agencizs have the grestest flexibility, compared to
the actusl buying of network time. To help accomplish this, early next year
we will be offering & computerized system for optimal sllocation of network
inventory. This will be a client-accessed systemn where one would input data

on aveilable program inventory including informeation an anticipated cetings

“and demogrephics. However, laverage incices will alsoc be input for each

program. Each brend's cbjectives weuld be input in terms of target sudience,
3R P's, budget, daypart and other constraints. Thus, the first twao steps would
be pretty much in line with the procedures used today in allecating invenLory.
However, the system would assign progrems to esch brand in such a way as in
not only satisfy their conventionn! constraints, but do 90 in such & way as Lo
maxirnize leverage. Thus, whereas currently each besnd would recisve s
peckege of programs thab woubd deliver a vcertein level of GHPs to the
specified target audiences within » budgel constraint, rather thean dn 30 with o
package of shows that delivers an uveraqga leverage of abour 00, we Foel that
we cen increase that average leverage to anywhere from L0 to 130, the net

result of which would be equivaient to an incresse of 10 ta 3% in advertising
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spending against the buyer segrnent of interest.

As far as future plans and wherg we see this all gning, une of the first steps
will be sarmple expansion on a geographic basis. Although we believe, and have
evidence that support the fact that, our cucrent 8 market sysiem is guite
projecticle in many applications, we have plans to expand ko a fully
nationaliy-projectable sample over tha course’ of the next year, including the
additirn of rmajor market areas. We also plan a shift to puison rdete, which
refers to the use of elentronic devices to moniter individust person viewing
rather than household set status. Eventually we plan to identify individual

purchasers rether thaen use the household as the purchesing unit as wetl.

However, this will not be achieved overnight, and as we move ahead in
developing these capubilities a corresponding requirement must be a willing
shift in industty attitudes am procedures. Specifically, an increase ip the
relience and ecceptance of purchase data as tool for evalusting TV audiences
and using that date in the planning, tuying and alincation process. Of nourse,
this will require the joint cuc-peratiun of all sides including advertisers,
agencies and ultimately the networks. As [ mentioned aarlier, this will clearly
be a gradual evolution, es naithec us or anyome 2lsa ranving this ditectian wrhil

ba able to offer avernight pecfantion.

¥Yet, there rmust be e starking point and soeneone rabsl bake the onitiative with
the objective that the end result will yraatly henefit ull parhirs invalved, Ao
al involverd parties must take an open minded appenach o] axbidit s

witlingness to try entirely new epproaches rather than be consteamed by bwbii
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to conventional methods. As rmore and rnors evidence is compiled in support
of our claims on the value of purchase dekta, it will become even maore obyious
that the patential savings from the shift in methodology we ere proposing sre

enormots.

Assuming that an average of (5% increase in efficiency can be achieved,
where efficiency is defined as the extent to which ads are reeching viewers in
households with a high peopsnsity to purchass the prodhcts, this bransalates to
anywhere frorm a $5 to $25 million gavings for a single brand. For s major
advertiser this savings can easily translate to anywhere from $15 to 50
million. Finelly, for the industry as & whole & 15% increase in efficiency
would mean an equivelent of savings of relatively $2 hillion in terms of the

amount of advertising waste that is cut hack.

In closing, [ would like to stress tiwat in everything [ have said [ em not trying
to find fault in any specific system or procedure that currently exists, amd !
don't think that anything thet 1 em s=eying suggests fhet there hes been
inadequate use of traditionally aveilable data., The problem heg been that until
rnow, and until the advent of alectonicaily based systems for coliecting and
integrating data that hefere were unavaiisile, it was simply not possible te -se
anything but dernpgraephics in defining audiences, and you can do anty so o rach
with demographics. The introduction of scanining data and the proiifecation of
meters, both on a household basis and shortly onow person's basis, are going tu
offer ug an entirely new set of tools, and corrsspondingly en entirety now set
of data with which to work. There is no reason to expect that that being the

case, the techniques that we have used for the last LD or 20 years may not be



‘the same techniques that we wiil use in the future. [t is irmportant that we
recognize this, since undoubtedly it is not goimyg to be an easy shift to make.
Sut all the evidence suggests thet this is the direction things are going, and
E when you take a look at the doilar implications of what can be achievad, it is a

!

4 trend that is simply cannot be ignored.
4

Thank you all very much for your atiention, and for the opporrunity to speak
here today. Especially, i would like to thank the advertisers who have cteppad

out on the wire a little bit in working with us te help develop i capanilities

-in this area and produce some of the results I have shared with you here today,



DIFFERENCES IN PURCHASE PROPENSITY
EXIST WITHIN ANY DEMO SEGMENT

WOMEN 18-49
A S BUY NEITHER

BUY CATEGORY 1

BUY CATEGORY 2

BUY BOTH
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CATEGORY PURCHASE INCIDENCE
BY AGE OF FEMALE HEAD

<35 35-44 45-54 55+

55.200  ©63.2% Rl  53.7%

CATEGORY 1

43.2% 41.7%
CATEGORY 2 X n
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CATEGORY 1 PURCHASING BY
TARGET VS. NON-TARGET HOUSEHOLDS

W.25-64

HH Size: 3+ All Other ]
INC: $20M+ Households Difference

6.%

PERCENT
BUYING

53.3%
+23%

PINTS
PER BUYER

SALEst.NDEK + 5 30 /n

TOTAL HSHLDS 1.27 .83
58.8%
POPULATION 41.2%

WITHIN SEGMENT

PERCENT 51.7%
CATEGORY SALES 48.3%
FROM SEGMENT
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CATEGORY 1

W: 25-54 iINCIDENCE VS. PRODUCT LEVERAGE
DAYTIME NETWORK TV |
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CATEGORY 2
W: 25-54 INCIDENCE VS, PRODUCT LEVERAGE
DAYTIME NETWORK TV
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REGULAR GROUND COFFEE
W: 25-54 INCIDENCE VS. PRODUCT LEVERAGE
DAYTIME NETWORK TV

W. 25:54 ¢
INCIDENCE

75 80 85 90 25 100 105 110 115 120
LEVERAGE
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SNACK CRACKERS
W: 18-49 INCIDENCE VS, PRODUCT LEVERAGE
DAYTIME NETWORK TV

W: 18-49
INCIDEMCE

75 8O a5 [0 95 100 105 10 115 120
LEVERAGE '
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INSTANT COFFEE
W: 25-54 INCIDENCE VS. PRODUCT LEVERAGE
DAYTIME NETWORK TV

W: 25-54 60

INCIDENCE | —]

55
r =— 52
r=27%
.
50
»
45
]
.
'Y
'Y
40 o - |
.
35 _ . *
' .
®
]
75 80 as a0 95 100 105 110 115 120
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BBQ SAUCE

W: 25-54 INCIDENCE VS. PRODUCT LEVERAGE
DAYTIME NETWORK TV

W: 25-54 &0
INCIDENCE

100 110 120 130 140 150 160
LEVERAGE
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SUMMARY OF RESULTS

-~ TARGET DEMO VS. ACTUAL LEVERAGE
CATEGORY CORRELATION P
#1 +.4 149%
#2 -3 12%
Reg. Grnd. Coffee +.7 50%
instant Coffee -5 27%
BBQ Sauce +.5 21%
Packaged Dinners +.5 24%
Corn Chips +.8 59%
Fabric Softeners ~.0 0
Snack Crackers -3 7%

Average _ +.04 24%
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EFFECT OF LEVERAGE ON AUDIENCE COMP

15‘T

AVERAGE
LEVERAGE

10 -4

SHOW A

TARGET
SEGMENT



EFFECT OF LEVERAGE ON AUDIENCE COMP

15 4

AVERAGE LEVERAGE LEVERAGE
LEVERAGE 0OF 1.25 CF .74

SHOW A SHOW B SHOW C

TARGET
SEGMENT
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EFFECT OF LEVERAGE ON AUDIENCE COMP

15
AVERAGE LEVERAGE - LEVERAGE
LEVERAGE OF 1.25 QF .75
10 -? 11

SHOW A SHOW B SHOWC

TARGET
SEGMENT



Days Of Our Lives

i1

CATEGORY 1
DAYTIME PROGRAMS
NORMALIZED
HIGHEST INDEX
Ryan's Hope 124
One Life To Live 112
General Hospital 111
LOWEST _
Another World 78
Young & Restless 77
70



|18

CATEGORY 2 VS, CATEGORY 1
DAYTIME PROGRAMS

CAT. 2 CAT. 1 W: 25-54
HIGHEST : INDEX INDEX INCIDENCE
Days Of Qur Lives 127 70 44
Another World 126 78 40
Young & Restless 124 Tr 40
126 75 41
LOWEST
One Life To Live 82 112 51
Loving 81 107 43
Ryan’s Hope 71 124 46

78 114 47
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BRAND X
JAN 84 NETWORK ADS - ACTUAL
PRIME
CAT. 2
SHOW {REG. ONLY) _INDEX
NBC Movie 113
Ripley's 106
ABC Movie 100
After Mash {2) 103
That's Incredible 99
Hart To Hart 100
CBS Movie _ 88

Wtd. Ave. 102
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BRAND X
JAN 84 NETWORK ADS - ACTUAL
DAYTIME
CAT. 2

SHOW - INDEX W: 25-54
Days Of Our Lives 127 44
Young & Restiess 124 40
General Hospital 85 48
All My Chiidren B9 54
Guiding Light a1 50
One Life To Live 82 51
Capitol (2} 87 37
Price Is Right (3} 112 31
Dream House . 54 34
Wtd. Ave. 100 40
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BRAND X
JAN 84 NETWORK ADS - HYPOTHETICAL
CAT. 2

SHOW INDEX W: 25-54
Days Of Qur Lives 127 44
Young & Restless 124 40
Another World (2) 126 40
New Newlywed Game 114 50
Price is Right (3) 112 31
Benson 102 41
Wheel Of Fortune 100 36
Search For Tomorrow 99 30
All My Chiidren _89 54

Wid. Ave. _ 112 39
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COST PER POINT
BASED ON DEMOS
+ PURCHASE BEHAVIOR

DAYTIME CPP
W: 25-54/Totai $2,400
W: 25-54/Cat. 1 Buyers . 54,000

W: 25-54/Cat. 2 Buyers $5,700
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EFFECT OF LEVERAGE ON
COST PER POINT
DAYS QF
R RYAN’S
LIVES HOPE
W: 25-54/1000 Hshids 437 460
CPP W: 25-54/Total $2,400 %$2,400
CPP W:25-54/Cat. 2 Buyers
Average Leverage $5,700 $5,700
Actual Leverage
~ Index 1.27 71



CATEGORY INDICES FOR
SELECTED DAYTIME PROGRAMS

CATEGORY
1 2 = 4 5
Days Of Dur Lives gr 127 116 104 85
Anothar World 97 126 121 108 B6
Match Game/H. Squares 98 iJ24 113 109 89
Capitol 133 a7 80 114 a2
Ganeral Hospital 138 85 113 120 103
Ryan's Hope 154 71 102 128 101



