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he increased complexity of modern manufacturing has led to uncertainties in production

processes. Factors such as unplanned machine maintenance, tool unavailability, and com-
plex process adjustments make it difficult to maintain a predictable level of output. To be effec-
tive, an appropriate production model must incorporate these uncertainties into the represen-
tation of the production process. This paper considers a one-time production of an application-
specific product which must follow a fixed routing through the manufacturing system. The flow
of items can be modeled as a multi-stage serial production line. The productive capacity is
uncertain at each stage and the decision to produce at any stage incurs a significant setup cost.
Semifinished products have little value and inability to satisfy the demand incurs a penalty for
each unit of unmet demand. We show that the optimal production policy for this system can be
characterized by two critical numbers, which can be computed apriori based on the cost param-
eters and distributional information for all downstream stages. Sensitivity of the critical numbers
is also explored.
(Multi-stage Systems; Random Yield; Dynamic Programming Application; Production Decision; Setup

Optimal Production Policies for Multi-Stage

Cost; Capacity Uncertainty)

1. Introduction

The increased sophistication of modern manufactur-
ing processes in many high-tech industries has lead
to an increase in internal uncertainties in these man-
ufacturing systems. The use of state-of-the-art tech-
nology, intricate equipment, complex tooling require-
ments, involved process control, reliance on special-
ized operator skills and greater adherence to
performance specifications are all factors that make it
difficult to maintain a predictable level of output. Of-
ten, the newer, more profitable products face even
greater uncertainty because the organization has not
yet accumulated enough learning experience with the
equipment and processes to reduce the variance. Nev-
ertheless, production needs to be carried out in an
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economic manner, despite the inherent variabilities in
the system.

We present a model for planning production in a
multi-stage serial production system where the aggre-
gate productive capacity at each stage is uncertain. That
is, the output quantity at any stage is the minimum of
the input quantity and the realized productive capacity,
which is random. Production is carried out to satisfy an
uncertain one-time demand for the final product. Each
unit of unsatisfied demand incurs a penalty; so does the
disposal of any unused material. A decision to produce
at any stage incurs a setup cost plus a processing cost
for each unit produced. Due to limited time until ship-
ment, there is only one opportunity to produce at any
stage, i.e., a production shortfall cannot be compensated
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by another production run. Production control must de-
cide, for each stage, how much to produce after the out-
put from the immediately preceding stage becomes
available. One must take into account capacity uncer-
tainties at all downstream stages, together with the de-
mand uncertainties and costs, to arrive at an economic
production decision.

The motivation for this model comes from the pro-
duction planning problem faced by many semiconduc-
tor foundries. These foundries manufacture application
specific integrated circuit (ASIC) chips used in
thousands of different devices from computers and mo-
bile phones to microwave ovens and door chimes. The
rising ubiquity of chips in consumer goods, automotive
parts and telecommunication devices has assured a
booming demand for foundries such as Taiwan Semi-
conductor Manufacturing and Singapore’s Chartered
Semiconductor Manufacturing. Unfortunately, it has
also led to a greater variety of one-time orders and ca-
pacity problems. Because of multiple production stages
and long lead-time in wafer fabrication, foundries often
get only one chance to satisfy a time-sensitive order. The
next order is likely to have a new design or may pos-
sibly be for a different product. The single-period multi-
stage model presented here tries to address the produc-
tion control problems in such environments.

Our analysis shows that the optimal production pol-
icy for each stage can be characterized simply by two
critical numbers. If the available input exceeds the lower
critical number, one tries to produce as much as possi-
ble, but no more than the upper critical number. If, on
the other hand, available input is less than the lower
critical number, one chooses not to produce. The inter-
relationship among critical numbers and their sensitiv-
ity to various cost parameters as well as capacities and
demand distributions are also explored.

There are two fundamentally different models in the
literature to represent internal uncertainties. Yield mod-
els focus on output loss due to process imperfections
while capacity models deal with production loss due to
resource unavailability. In random yield models, one
identifies the defective units after processing the entire
input quantity and incurring the production cost. In un-
certain capacity models, one may not be able to process
the entire input material due to resource constraints; un-
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used input incurs no production cost. For most yield
models, including the binomial and proportional yield
models, increasing the input batch size increases the ex-
pected output. This is not true for the uncertain capacity
model where, no matter how large the input batch size,
the expected output cannot exceed the average produc-
tive capacity.

Yield models have been studied rather extensively in
recent years. Interested readers are referred to Yano and
Lee (1995) for an excellent survey. We discuss here only
those works which are most closely related to the pres-
ent paper. Lee and Yano (1988) analyze a single-period,
single-product, serial production system, similar to the
one considered here, but without set-up cost. The de-
mand is known and the yield at each stage is a random
multiple of the input batch size. The optimal production
policy for each stage is characterized by a single critical
number representing the target input quantity. The pol-
icy stipulates that one should input the target quantity,
if enough is available; otherwise one should input what-
ever is available. An identical result for the random ca-
pacity case can be obtained from our model by setting
the setup costs at all stages to zero. Yano (1986) attempts
an extension of the Lee and Yano (1988) model by in-
corporating a setup cost at each stage of production. For
a single-stage problem, she demonstrates that a two-
critical-number policy, similar to that proposed in this
paper, is optimal. She also demonstrates the optimality
of a similar policy for a two-stage system, but only un-
der certain restrictive conditions. The form of the opti-
mal policy for general serial production systems with
random yield and setup costs remains an open research
problem worthy of investigation. This paper addresses
the same problem for the case where production stages
are subjected to, not yield, but capacity uncertainties.
Single stage random yield models with setup cost have
been a subject of great interest in another context—
when a rigid demand has to be satisfied by (possibly)
multiple production runs, each incurring a setup cost
(see, among others, Klein 1966, White 1967, Grosfeld-
Nir and Gerchak 1994). Since our interest here is pri-
marily in the multi-stage systems, interested readers are
referred to Yano and Lee (1995) for a discussion of these
single-stage models. The analysis of multi-stage multi-
period random yield problems is quite involved even
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without setup cost and is unlikely to yield a structurally
simple policy. In fact, the dynamic problem is quite
complex even for a single-stage problem with no setup
cost, as discussed in Gerchak et al. (1988) and Henig
and Gerchak (1990). As a result, recent research efforts
have been focussed on the study of such systems under
suboptimal but tractable operating policies (Tang 1990;
Akella, Rajagopalan, and Singh 1992).

Clark and Scarf (1960) consider a multi-period prob-
lem where a serial system tries to meet stochastic de-
mand at the lowest installation. A linear ordering and
shipping cost is incurred at all stages, except at the high-
est installation, where a setup cost is also incurred. The
optimal ordering policy is characterized by a single crit-
ical number at all stages except at the highest installa-
tion, where it is characterized by two critical numbers.
For stochastic production/inventory systems with
setup cost, this is the only work to our knowledge where
a structured policy is shown to be optimal in a multi-
stage multi-period scenario. It should be emphasized
that in the Clark and Scarf model adding a setup cost at
any other stage except at the highest installation de-
stroys the structured nature of the optimal policy. In-
corporating setup cost at multiple stages has been a
long-standing challenge for researchers in inventory
theory and their success has been limited only to deter-
ministic systems (Zangwill 1966).

The aggregate capacity model used in this paper cap-
tures parsimoniously the cumulative impact of varying
availabilities of numerous productive resources. Hopp
et al. (1993) have used this representation to model the
total amount of regular-time capacity available in any
period. They demonstrate that the distribution of ag-
gregate capacity plays a central role in setting produc-
tion quotas for a pull manufacturing system. Ciarallo et
al. (1994) consider finite and infinite-horizon models for
a single-stage production system with uncertain capac-
ity and uncertain demand. They show that a single crit-
ical number, which represents the order-up-to point, is
sufficient to characterize the optimal policy in a multi-
period setting. This is in contrast to yield models where,
under similar circumstances, the optimal policy is
known to have no structurally simple form (Henig and
Gerchak 1990); the best one can do to characterize the
optimal policy is to state when not to order. Finally,
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when yield and capacity uncertainties are simulta-
neously present, the optimal policy retains the com-
plexity of yield model, as shown recently by Wang and
Gerchak (1996).

The mathematical instrument used to model the un-
certainty in aggregate capacity here is identical to those
in Ciarallo et al. In contrast to their single-stage, multi-
period model, we analyze a multi-stage, single-period
model with setup cost at each stage of production. In
Ciarallo et al., order-up-to policies are derived from the
analysis of a cost function which is quasi-convex. In
spite of this nonconvexity, the cost-to-go is shown to be
convex. The presence of setup cost in our model de-
stroys the quasi-convex unimodal structure of the cost
function so effectively utilized by Ciarallo et al. in their
analysis. We derive the two-critical-number policy from
the analysis of a cost function which is neither unimodal
nor quasi-convex. In fact, the nature of this cost function
changes from concave-increasing, to convex-decreasing,
convex-increasing, simply increasing, and finally to
concave-increasing.

The contribution of this paper is threefold. First, the
optimality of a simple two-critical-number policy is es-
tablished for an important class of manufacturing prob-
lems. Considering the unusual behavior of the cost
function involved, our proof of optimality is somewhat
novel. Second, the sensitivity of the critical numbers to
cost parameters is explored, which reveal many inter-
esting structural properties of the system. Finally, the
impact of uncertainties on the production line is studied
by changing the demand distribution and the capacity
distribution stochastically. The interaction between in-
ternal uncertainties and demand uncertainty is also re-
vealed by the recursive equation used for the compu-
tation of critical numbers.

This paper is organized as follows. Section 2 presents
a mathematical description of the problem and its for-
mulation as a dynamic optimization model. Section 3
analyzes a single-stage problem and shows that a two-
critical-number policy is optimal. This result is extended
in 84 to a multi-stage problem. The sensitivity of the
critical numbers to cost parameters, as well as to capac-
ity and demand uncertainties, is explored in 885 and 6,
respectively. A numerical example is presented in §7.
The paper concludes with some final remarks in §8.
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2. Problem Description and

Formulation

Consider an N-stage serial production system as shown
in Figure 1. Let the stages be numbered such that the
final stage of production is denoted as stage 1 while the
stage of production to be performed first is denoted as
stage N. The production is aimed towards satisfying a
single uncertain requirement or demand for a product
at the final stage. Let Z be the demand random variable
with c.d.f. Q(z) and p.d.f. q(z).

At any stage, the productive capacity may be uncer-
tain due to a number of factors such as machine failures,
tool unavailability, time spent in process, parameter re-
adjustments, etc. Let the random variable Y, represent
the available productive capacity at stage n with c.d.f.
Fa(yn) and p.d.f. f,(yn). We assume that all the random
variables are mutually independent and their c.d.f.’s are
continuous and twice differentiable.

The problem is to determine a planned production
quantity, u,, at each stage of production such that the
expected total cost is minimized. The actual produc-
tion output from a stage may be less than the planned
production quantity. This will occur whenever the ca-
pacity realization, y,, falls below the production tar-
get, u,. Otherwise, the complete production target is
accomplished successfully. In general, the production
output of stage n, X, is given by min{u,, y,}.

We assume that the initial inventory of all semi-
finished items is zero; the analysis can be extended
to accommodate positive initial inventories. The
planned production quantity at stage n is obviously
constrained by the actual production output from
stage n + 1, which, in turn, depends upon the
planned production quantity at stage n + 1, etc. That

Figure 1
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A Serial Production System
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IS, Uy = Xn31 = Min{U,.1, Yni1}- We solve this problem
dynamically by delaying the specification of the
planned input quantity at a stage until the produc-
tion output from the stage before becomes known. In
other words, uy, Un-1, ..., U; must be determined
sequentially after receiving the output from the stage
before.

The following costs are considered in this model. The
decision to produce at stage n incurs an ‘“out-of-pocket”
setup cost K,, independent of the production quantity.
In addition, each unit of item actually produced at stage
n incurs a cost w,. Each unit of unsatisfied demand in-
curs a penalty «. There is a cost h, for disposing of a
unit of item processed at stage n but not used by stage
n — 1. The disposal cost for leftover raw material is rep-
resented by hy.i. Since this model is especially appli-
cable to one-time production of unique products, it is
assumed that semi-finished items have little salvage
value. Disposal of raw material and finished product,
on the other hand, may bring a net cash inflow; this is
modeled by allowing h; and hy,; to be negative. All
other parameters and costs are assumed to be nonneg-
ative.

The following two cost conditions are necessary to
ensure that it is profitable to produce and that produc-
tion is motivated only by the desire to satisfy the de-
mand.

CoNDITION 1. hy + 7 > w;.

If Condition 1 did not hold, one would simply dis-
pose of the input material at cost h, and incur a penalty
7 for not meeting the demand, rather than process an
item at a higher cost w,. Clearly, this makes it unprof-
itable to produce anything at the final stage.

CoNDITION 2. W, + h, > h,,,forn=1,..., N.

This states that it is less expensive to dispose of an
item at one stage than to process it and then dispose of
it at the next stage.

Let C,(x,+1) be the expected cost of operating an n-
stage system with available input x,,,, assuming that
the best input decision is used at stage n through stage
1. Then, Cn(Xn4+1) represents the minimum expected
cost to operate the whole system, where the available
raw material is Xy, at stage N. A dynamic program-
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ming formulation for the problem can now be given
as

Co(X1) = Ez{h; max{0,x; — Z} + mmax{0,Z — x.}}, (1)

and
Cn(Xn+1)
= OSETLTM Ev, {Mn+1(Xn+1 — min{u,, Yo}) + Kn6(un)
+ W, min{u,, Yo} + Coos(min{un,, Ya}},
n=1,...,N
where

1 ifu,>0,
6(un) =
0 otherwise,

and Ez{-} signifies the expectation over random vari-
able Z.

Let u} be the optimal value of u,. In our analysis we
will often utilize the following representation for
Cn(Xns1):

Cn(Xn+1) = min {hn+1Xn+1 + Kn(s(un) + 'Yn(un)}:

O=uUp=Xn+1

n=1...,N, (2)

where vy, (u,) is a function only of u, and is given by

Yn(un) = fo n [(Wn = hns1)Yn + Cooa(Yn)]dFa(Yn) + F_n(un)

X [(Wn - hn+1)un + Cnfl(un)]l (3)

where
F_n(un) =1- Fn(un)-

The function y,(u,) plays a central role in defining
the structure of the optimal policy for this problem. The
following observation follows directly from (2).

LEMMA 1. If y,(0) < y,(u,) + K, for all u,, then it is
not worthwhile to produce at stage n. Thus, u¥ = 0.

The following lemma points to another intuitive re-
sult. If no input material is available at stage n, then the
minimum expected cost for stage n through stage 1 is
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simply the expected penalty for not meeting the de-
mand.

LEMMA 2. C,(0) = v,(0) = wE[Z] for all n.

ProoF. From (2), C,(0) = v,(0) and from (3), y,(0)
= C,_1(0). The result follows by induction, since Cy(0)
= nE[Z] from (1). Q.E.D.

These observations will be utilized during the anal-
ysis in coming sections.

3. The Single-Stage Problem

In this section we analyze the single-stage problem for
the model introduced in §2. This analysis will provide
important insights in understanding the multi-stage
problem. We begin by rewriting (2) as

Ci(x2) = min {hyx, + Ki6(uy) + y1(uq)}. (4)

O=u;=Xxp
We first investigate the nature of y,(-) since it plays
a central role in the minimization in (4). By using (1)
and (3), we obtain the first two derivatives of y;(u,) as
follows:

dy, =
ﬁwo=;i=Fmmem (5)

d21 —
ﬂwo=a%=awmm+wmwo—mMmmm,(@

where

0:1(u) = (hy + m)Q(uy) + wy; — hy — 7. (7)
g:(u;) is nondecreasing since Conditions 1 and 2 to-
gether imply that (h; + ) > 0. Define S; such that g,(S;)
=0,i.e.,

(8)

S = Ql<h2+ 7T—W1>
1= .

hl“l"/T

S, is nonnegative and finite because (h, + 7 — w;) > 0
and (h, + m — w;) < (h; + ) from Conditions 1 and 2.
Then, g;(u,) is negative in (0, S;) and positive in (S;, «).
The nature of y,(-) can now be characterized using (5)
and (6):

(1) Foru; € (0, Sy), vi(uy) = 0and y7(u;) = 0, hence
v, is decreasing and convex.

(2) For u; € (S;, »), yi(u;) = 0 and hence v, is
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increasing. Nothing further can be concluded about the
nature of y; since y{ may alternate its sign in different
sub-intervals.

From these observations, it is clear that y,(u,) attains
its global minimum at u; = S;. The behavior of y;(u;)
is shown graphically in Figure 2.

Whenever S; = 0, the problem is trivial since it is op-
timal not to produce. Note that from (8), S; > 0 iff

hz + T — Wy > (hl + W)Q(O),
or

That is, if the effective cost of processing a unit, (w;
+ h; — hy), exceeds the expected marginal saving de-
rived from making a unit available, one is better off not
processing anything.

Now consider the minimization in (4), in particular
the term (K;6(u;) + y1(u;)). The nature of (K; + y1(u1))
is identical to that of y,(u;) and it attains its global min-
imum at S; with value K; + v4(S;). If y,(0) < K;
+ v1(Sy), itis not worthwhile to produce, as per Lemma
1. An excessively high setup cost makes the problem
trivial, since one always chooses not to produce. If, on
the other hand, v,(0) > K; + v4(S,), since -y, is decreas-
ing in (0, S,), there exists a unique s; € (0, S;) such that

71(0) = Ky + y1(s1). 9

It follows (see Figure 2) from the definition of s; and the
decreasing nature of y,(u;) over (0, S;) that

Figure 2 The Form of y,(u;)
1 Y w)+K
Y (0)+K;
¥, (u1)
11(0)
K
U
0 5 Sl
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’yl(O) = Kl + yl(ul) for Ul = Slv (10)
and
v1(0) > Ky + y1(u;) fors; <u, =S,. (11)

Based upon the available input material x,, the opti-
mal policy can now be characterized in terms of the two
critical numbers s; and S;. For x, = s, it is not worth-
while to produce because the setup cost, K;, will offset
the expected savings, (v:(0) — 7yi(u;)), derived from
production. This follows from (10), since u; = x, = s;.
Fors; < X, = S;, the advantage gained by producing,
(71(0) — 7y1(uy)), can offset the setup cost, K;, provided
one plans to produce more than s;. This follows from
(11). In fact, since vy, is decreasing in (s;, S;), it pays to
set the production target as high as possible; the optimal
policy simply inputs all the available material. Finally,
for x, > S;, one sets the production target at S;, the point
where (K; + y1(u,)) attains its global minimum.

The optimal policy for stage 1 and the nature of y,(u;)
are now summarized in the following theorem.

THEOREM 1. For the model stated in 82, if it is worth-
while to produce, then
(1) the optimal policy for stage 1 is

0 if X, € (0, Sl),
UT(X2) = X2 |f X2 S (Sl, Sl)v (12)
S, ifx € (S, %),

where critical numbers S; and s; are solutions to Egs. (8) and
(9), respectively, and satisfy the relationship, 0 = s; = S
< oo;

(2)

[ decreasing and convex in range (0, S,),
v1(uy) is

increasing in range (Sy, ).

The upper critical number, S, is the production target,
i.e., the largest quantity one would ever process at stage
1. The lower critical number, s;, represents the smallest
input quantity one is willing to process at stage 1. Note
that S;, given by (8), is the same newsboy solution one
would expect if the problem were formulated without
any capacity constraint. This observation is consistent
with that in Ciarallo et al. regarding the order-up-to
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point in a single-stage single-period model with capac-
ity uncertainty. The lower critical number, s;, however,
does depend on the capacity distribution. In effect, given
an input quantity, the decision as to whether one should
produce is intrinsically linked to capacity uncertainty.
However, the production target is independent of ca-
pacity. Once a decision is made to produce, one simply
hopes that enough capacity will be available.

The cost-to-go, C(x,), is obtained by substituting u?
from (12) into (4):

h2X2 + ')/1(0) if X2 S (0, Sl),

Cl(Xz) = h2X2 + Kl + 71(X2) if X2 S (Slv Sl)v

thz + Kl + ’yl(Sl) |f Xo S (Slv m)

One can easily show that, unlike Cy(-), Ci(-) is
not convex. As a result, the mathematical structure
of the multi-stage problem presented in the next sec-
tion is quite different than that for a single-stage
problem.

4. The Multi-Stage Problem

The analysis of the single-stage problem, presented in
the last section, was considerably simplified because
the terminal cost-to-go, Cy(X,), is convex. This is no
longer true for the multi-stage problem that we ana-
lyze in this section. The key results of this paper are
contained in

THEOREM 2. For the model stated in 82, if it is worth-
while to produce, then
(1) the optimal policy for stage n is

0 if X1 € (0, Sn),
Uf(Xn+1) = § Xns1 1 Xni1 € (Sn, Sp),
Sy if Xni1 € (Spy ),
where critical numbers s, and S, are solutions to equations
¥n(sn) + Kn = ¥n(0), (13)
and
¥n(Sn) = 0,

respectively, and satisfy the relationship: 0 = s,_.; = s,

= Sn = SnflS OO;
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(2)

increasing and concave in range (0, S,_1),

decreasing and convex in range (Sn_1, Sn),

vn(-) is

increasing in range (Sy, Sn-1),

increasing and concave in range (Sy_1, ).

Proor. The proof will be by induction on n. Define
So = 0and S, = . Then, for stage 1 all the properties
are true from 83. To prove that these properties hold for
the general case, suppose Theorem 2 is true for stage n
— 1. Then, the following properties must hold:

0 if x, € (0, sh_1),
u 1 (Xn) =91 X if X, € (Sn_1, Sh_1), (14)
Sno1 if X, € (Sho1, @),

where critical numbers s,_; and S, _; satisfy

ynfl(snfl) + Kng = %4(0), (15)
¥n-1(Sn-1) = 0, (16)
Sn—2 = Sp-1 = Snfl = Sn721 (17)

and

increasing and concave
in range (0, s,_2),
decreasing and convex
Yn-1(-)is inrange (sn-2, Sn-1), (18)
increasing inrange (Sh_1, Sn_>),
increasing and concave
inrange (S,_», ©).

Figure 3(a) illustrates the nature of v, i1(u,_;) and the
relationship among critical numbers as indicated in the
induction hypotheses (15)-(18).

Since the nature of y,(-) plays a fundamental role in
determining the form of the optimal policy, we first ex-
plore its behavior. To this end, we first differentiate
¥n(Un) in (3) to get

ya(un) = F_n(un)[Wn = hnea + Choa(un)]. (19)
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The term C;_;(-) can be obtained by first substituting
uk_, from (14) into (2) to get

hoXo + ¥a1(0) i X € (0, 80.1),
hoXn + Knzg + yno1(Xn)
Cri(Xn) = if X, € (Sn—1, Sn_1), (20)
hoXn + Knog + y0-1(Sno1)
if X, € (Sh_1, @),

which can be differentiated and then substituted into
(19) to yield

Fn(Un)Gn(Un)
’y{l(un) =

Fa(un)[W, + h, — hayq]  otherwise,

if u, € (Sn_1, Sn_1),

(21)
where
gn(Un) = Wy + hn = Py + ynoa(Un). (22)
Differentiating v/ (u,), one readily obtains
Fa(Un)y7-1(Un) = fo(Un)gn(un)
Ya(un) =7 ifun € (Sa-1, Sn-a), (23)

_fn(un)[wn + h, — hn+1] otherwise.

We first investigate the behavior of v,(u,) for u,
& (Sn_1, Sn_1). From Condition 2, the term (w, + h,
— hn41) is always positive. Equations (21) and (23) then
imply that y/, > 0 and y, < 0, and hence v, is increasing
and concave outside the interval (s,_1, Si_1).

To explore the behavior of v, in (S,_1, Sn_1), we need first
to understand the behavior of -y;,_; since it controls the be-
havior of g,. From the properties of ,,_; indicated in (18),
it can be inferred that (i) for u, € (Sh_2, Sn_1), Yh-1(Un) <
0, yn-1(u,) > 0, and (ii) for u, > S, 1, vh-1(u,) > 0. These
imply that y;,_;(-) is negative and increasing in (S—2, Sn-1),
crosses zero from below at S,,_; and remains positive for u,
> S,_4, as illustrated in Figure 3(b).

Now consider the behavior of g,(u,) over the interval
of interest, (s,_1, Sp_1). From (22), g,(u,) = positive con-
stant + y;_:(u,). But y/_, is increasing in (S,_», Sn_1).
From (17), (sn_1, Sh_1) is a subinterval of (s,_,, Sh_1).
Hence, g, is increasing over (s,_1, S,_1). Let y'(s") be
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Figure 3 (a) The Form of y,_1(u,_1) and (b) Its Derivative
(a) A Yn—l(un—l) + Kn—l
Yo (Uns)
YH(0)+KH/
YN0 \
\ 5
Up
0 sy Spa Spa Spa
® L 70
Y,'H('”'»-l)
Uy
0 -
Sng Sna S,

the right-hand derivative of y at s. Also, let g(s™) be the
value of g as one approaches s from right. The zero-
crossing property of g,(u,) is of fundamental interest.
But before we explore that, we propose the following
lemma which rules out the circumstances under which
the problem is trivial. The proof can be found in the
Appendix.

LEMMA 3. If (Wn + hn - hn+1) > —’)/,’1,1(3,:,1), then it
is not worthwhile to produce at stage n. That is, u = 0.

An economic interpretation for Lemma 3 can be given
as follows. Recall that for the single-stage problem, an
equivalent condition is (wy + hy — hy) > (7 + hy) Pr{Z
> 0} or g,(0) > 0, which implies that S; = 0. Condition
2 and Lemma 3 together specify lower and upper
bounds on quantity (w,, + h, — h,,;) which can be ex-
plained as follows. If (w, + h, — h,;1) < 0, one has an
unnecessary incentive to process the input at stage n,
just for the sake of disposing the output at the next
stage. On the other hand, as (w, + h, — h,,1) increases,
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it provides an increasing disincentive for production,
and beyond a point, it may well become totally unecon-
omical to carry out production at stage n. In general, if
the effective cost of processing a unit, (w,, + h, — hn1),
exceeds the maximum marginal benefit derived
from making the unit available at the next stage,
—vh-1(sn-1), one simply chooses not to produce.

Consider g,(u,) now. It is increasing over (S, i,
Sn-1). From Lemma 3 and (22), g,(si-1) < 0. Also,
On(Sn-1) > 0 by substituting (16) in (22) and using
Condition 2. Hence, there exists an S, S,-1 = S,
= S,_1, such that

9n(Sn) = 0. (24)

Clearly, gn(u,) < 0 for u, € (sh_1, Sn) and g,(u,) > 0 for
U, € (Sn, Sh1). Also, from (18), yn_1(u,) > 0 for u,
€ (Sn—2, Sn—1) 2 (Sn_1, Sn_1). It follows from (21) and (23)
that (i) y/(Sn) = 0, (ii) for u, € (Sn-1, Sn), vn(u,) < 0and
va(us) > 0, and (iii) for u, € (Sy, Sn_1), vh(u,) > 0, but
vn(u,) may be positive or negative. Together, these
properties imply that y,(-) (i) has a local minimum at
Sn, (ii) is decreasing and concave over (s, ;, S,), and
(iii) is increasing over (S, S,_1). Recall that -y, is increas-
ing and concave for u, = s,_; and u, = S,,_;. This com-
pletes the characterization of y,(-).

We now characterize the form of the optimal policy.
Note that y,(u,) for u, € (0, s,_1) achieves its mini-
mum at y,(0) while y,(u,), u, € (s,_1, ©), achieves its
minimum at y,(S,). If v,(0) = y,.(S,), itis optimal not
to produce at stage n. If, on the other hand, y,(S,)
= v,(0), i.e., S, is the global minimum of ,(-), then
it may be worthwhile to produce. The answer depends
on the setup cost, K,. If K, = v,(0) — v.(S»), i.e., the
setup is more expensive than the maximum benefit
achievable from production, then one chooses simply
not to produce, irrespective of the available input ma-
terial x,,,. If, on the other hand, K,, < y,(0) — v,(S,),
there exists a unique s, € (s,_1, Sn) such that

¥n(0) = Ky + ¥n(sn). (25)

Note that a point s, satisfying (25) cannot lie in (0, s,_1)
since vy, is increasing over this interval and v,(s,)
< v,(0). It follows from the definition of s, and the de-
creasing nature of y,(u,) over (s,_1, S,,) that
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Yn(0) = K, + yn(u,) forallu, =s,, (26)
and
Yn(0) > K, + yn(u,) foralls, <u,=S, (27)

Based on the available input material (the reasoning is
similar to that in the single-stage problem), the optimal
policy for the multiple-stage model can be summarized
by (13). Q.E.D.

The lower critical number, s, represents the smallest
input quantity one is willing to process at stage n. In
this sense, s, is a measure of the effective setup cost at
stage n. The upper critical number, S,, is the maximum
desired output from stage n. The interrelationship
among critical numbers is of significance for their effi-
cient computation and for understanding how the sys-
tem operates. An immediate corollary of Theorem 2 is

COROLLARY 1. For the model stated in §2, the optimal
operating policy is characterized by a sequence of critical
numbers, {s,, Sn}, such that

'SSZSS]_<OO.

This relationship has many intuitive implications for
the operation of the serial system under study:

(1) The lower critical number is zero at a stage only
if it is zero at all downstream stages.

(2) The lower critical number increases as one moves

upstream.
(3) The upper critical number decreases as one
moves upstream. As aresult, forn=N—-1,...,2,1,

one has a binary choice: (i) input everything if X,,;
> s,, or (ii) input nothing if x,,; < s,. In effect, the
system has a single-critical-number policy for all stages
except stage N, which must follow a two-critical-
number policy.

(4) The upper critical number at any stage is greater
than the lower critical number for all stages. That is, the
largest lower critical number is smaller than the smallest
upper critical number.

(5) The sequence of intervals {(s,, S,)} is imbedded,
ie.,

(Sns Sn) S (Sn-1: Sn1) € - - - (82, S2) = (81, S1) € (0, ©).

(28)
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5. Sensitivity Analysis
This section explores how the critical numbers, s, and
Sn, change as the cost parameters are varied. Whenever
possible, we have tried to characterize the sensitivity
quantitatively, but in many instances we could only
give a qualitative characterization.

5.1. Sensitivity Analysis for the Upper Critical
Number, S,

The upper critical number, S, was defined in 84 as the
zero of the recursive function y.(-) in (Sh_1, Sn_1). The
following lemma states that the upper critical number
for any stage can be computed directly from model pa-
rameters in a non-recursive fashion. The proof can be
found in the Appendix.

LEMMA 4. The upper critical number, S, satisfies

M s

|_| F_j(sn)(wk + he — hysa)
j=k

k=1 j

- |2| F_J(Sn)(j(sn)(ﬂ_ + hl) = 0, an. (29)
j=1

Note that S, is independent of the capacity distribu-
tion for stage n, but it does depend on the capacity dis-
tributions for all the downstream stages. Also, the ab-
sence of the setup cost parameters, K;s, in (29) implies
that the upper critical numbers do not depend on setup
cost. The following theorem characterizes the sensitivity
of upper critical numbers to changes in cost parameters
(proof given in the Appendix).

THEOREM 3. The sensitivity of the upper critical number,
Sh, With respect to
(1) disposal cost, h;, is

n—1
—Q(Sn) [1 Fi(Sa)/yn-a(Sn)  ifi=1,
j=1
R,
S, —Fiia(Sn) || Fi(Sn)/yn-a(Sn) il <i<n,
on; " .
_Fn—l(sn)/yg—l(sn) ifi=n,
1/yn-1(Sn) ifi=n+ 1,
0 otherwise;

(2) unit production cost, w;, is
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n—1
— 1 S/ via(Sy) ifi<n,
9S, ,ﬂ .
owi | =17v54(Sh) ifi =n,
0 otherwise;

(3) penalty for not satisfying the demand, , is

asn n—1

on = G(Sn) |_| F_j(Sn)/'ygfl(Sn);
-1

(4) setup cost, K;, is

85,
oK;

0.

Note that y,_1(S,) > 0 since y,_1(u,) is convex in (s,_1,
Sn_1) and S, € (Sn_1, Sn_1) by Theorem 2. We make the
following observations based on Theorem 3:

(1) The upper critical number at a stage (i) decreases
with an increase in disposal cost at a downstream in-
ventory location, (ii) increases with an increase in dis-
posal cost at the inventory location immediately up-
stream, and (iii) remains unaffected by changes in dis-
posal cost at all other upstream inventory locations.
The sensitivity of the upper critical number at stage n,
with respect to changes in disposal cost at a down-
stream inventory location i, 9S,/dh;, is directly propor-
tional to the probability that the entire input S, gets
through all the production stages following stage n, up
to and including stage i, and is stopped at location i (due
to insufficient capacity at stage i — 1, or insufficient de-
mand, if i = 1). That is,

giln < Pr{Yn_1 > Sn; Yoo > Spi ...
Yi>S, Yiii < Sy} forl<i=n,
and
S,
ah, < Pr{¥,1>Sn Yo2>Sn...; Y1 >SS, Z<S,}

Clearly, the farther the inventory location i from stage
n, the smaller the likelihood that the entire input S,
reaches location i, and hence the weaker the depen-
dence of S, on h;.

(2) The upper critical number at a stage decreases with
an increase in production cost at that stage or at any
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other downstream stages, but it remains unaffected by
the changes in production costs at all upstream stages.
Moreover, 0S,/0w; is proportional to the probability
that input S,, is successfully processed at all stages fol-
lowing stage n, up to and including stage i. Based on
observation 1,

S, Pr{Y,_, < S,}0S./0w; ifl<i=n,
o | Priz <s.Jos/ow,  ifi=1,
also, fori <j=n,
93, 8S, _ 05,
=Pr{Y;>Sn; Yis1 >Sn;. .. Yo > S — < —,
ow, L " 1> S G S B,

i.e., the upper critical number at a stage is far more sen-
sitive to the changes in production cost at a nearby
downstream stage than those at a stage farther down-
stream.

(3) The upper critical number at a stage increases as
the penalty for not satisfying the demand increases.
Moreover, the sensitivity S,/ 0 is proportional to the
probability that input S, is successfully processed at all
downstream stages, and still falls short of satisfying the
demand. Based on observation 1, we have

0Sh 0Sh
=—-Pr{Z > S, ,
or { } aW]_

i.e., the upper critical number is less sensitive to changes
in stockout penalty than to changes in production cost;
the negative sign signifies that their effects are in op-
posite direction.

(4) The upper critical number is equally sensitive to
changes in disposal cost at the immediately preceding
inventory location and to the production cost at the
stage under consideration. In fact the changes in either
of these parameters affects the upper critical number the
most, as can be seen from,

98, 0S8, 1
Yn-1(Sn)

Wy Ohny
= Constant of proportionality.

5.2. Sensitivity Analysis for Lower Critical Number, s,
The following lemma will be helpful for exploring sen-
sitivity results for the lower critical numbers (proof
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given in the Appendix). It expresses the relationship be-
tween the lower critical numbers for a stage, n, and its
immediately following stage using parameters of the
stage n and function /.

LeEmMA 5. For each stage n,

f 7 I:_n(un)[Wn + hn - hn+1]dun
0

Sn
+ fs Ya(Un)dun = —Ki,. (30)
n—1

The first term of (30) is the area under v/, between 0
and s,_;. This area is always positive due to Condition
2 (see Figure 3). Similarly, the second term of (30) is the
area under v/, between s,_; and s,. This area is always
negative since vy, is decreasing in (s,_1, S,) by Theorem
2. The difference between the two areas always equals
—K,, a fact that will prove indispensable while explor-
ing sensitivity results for lower critical numbers. We
summarize below these sensitivity results; the proofs
are somewhat involved and are relegated to the Ap-
pendix.

THEOREM 4. The lower critical number at a stage is zero
if and only if the production at that stage incurs no setup cost
and the same is true for all downstream stages. That is, s,
=0ifandonly if K; = 0, for all i = n.

Whenever the lower critical number, s,, is zero, the
optimal policy at stage n is of produce-up-to form given
by a single critical number, S,,

Xn+1
UA(Xns1) =

Sh if Xn41 > Sp.

If Xn+1 = Sm

According to Theorem 4, a nonzero setup cost at a stage
makes the lower critical number positive not only for
that stage, but for all upstream stages. If the optimal
policy for a stage is of produce-up-to form, the optimal
policy for all downstream stages must also be of
produce-up-to form.

The following theorem shows that any increase in the
setup cost at a stage will also increase the effective setup
costs at all the earlier stages.

THEOREM 5. An increase in setup cost at a stage leads to
an increase in the lower critical number at that stage as well
as at all preceding stages.
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The lower critical number at a stage (i) increases with
an increase in setup cost at that stage or at any other
succeeding stages, and (ii) remains unaffected by setup
cost changes at preceding stages.

THEOREM 6. An increase in stockout penalty leads to a
decrease in lower critical numbers for all stages.

As the shortage penalty increases, one is more likely
to carry out production (due to a decrease in lower crit-
ical number) and one tends to produce in a larger quan-
tity (due to an increase in upper critical number) at all
stages, to avoid the higher shortage penalty. A reduc-
tion in unit production cost has an analogous affect on
all upstream stages as indicated in the theorem below.

THEOREM 7. A decrease in the unit production cost at a
stage leads to a decrease in the lower critical number at that
stage as well at all preceding stages.

The lower critical number at a stage (i) decreases with
a decrease in unit production cost at that stage or at any
other succeeding stages, and (ii) remains unaffected by
the changes in unit production costs at preceding stages.

THEOREM 8. A decrease in disposal cost at an inventory
location leads to an increase in the lower critical number for
the immediately succeeding stage.

Any decrease in disposal cost at the inventory loca-
tion before a stage increases the lower critical number
but decreases the upper critical number at the imme-
diately succeeding stage. However, the decrease in the
disposal cost will increase the upper critical numbers at
all the upstream stages.

6. The Impact of Uncertainties

We now turn our attention to examine the effect of de-
mand and capacity uncertainties on the optimal policy.
We explore this by examining changes in critical num-
bers as the demand or capacity distribution is increased
stochastically. A random number with distribution Q(-)
is said to be stochastically larger than another random
number with distribution Q(-) if Q(z) = Q(z), 0z (Ross
1983). Our results are summarized in the following two
theorems; their proofs can be found in the Appendix.
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THEOREM 9. As the demand increases stochastically, the
upper critical number increases but the lower critical number
decreases at every stage of the system.

An increase in demand tends to increase the expected
shortage penalty. To avoid this extra penalty, one is less
reluctant to start production and is willing to produce
more.

THEOREM 10. A stochastic increase in capacity at any
stage leads to an increase in the upper critical numbers for
all upstream stages, but the upper critical numbers for all
downstream stages, including that for the current stage, re-
main unchanged.

As capacity decreases stochastically at a stage, there
is larger probability that capacity will take on smaller
values. Since it is more likely that only a smaller input
quantity can be processed at this stage, the maximum
desired output from upstream stages are curtailed.

The capacity changes at a stage, however, do not af-
fect the maximum desired output from that stage. To
explain this, suppose that the maximum desired output
for a stage was determined assuming an infinite capac-
ity at that stage. In case of capacity uncertainty, one sim-
ply hopes to produce this desired amount. Reducing the
maximum desired output in anticipation of a low ca-
pacity realization guarantees lower output for all ca-
pacity realizations. This can be no better than letting the
realized capacity limit the output.

7. A Numerical Example
The purpose of this example is (i) to demonstrate that
the two critical numbers can be computed efficiently,
(ii) to validate that the sequence of critical numbers, {s,,
S»}, isimbedded, and (iii) to illustrate the nature of y,(-)
numerically.

Consider a three-stage serial production system with

the following costs,
W3:30 W2:10 W1:15

K;=25000 K,=0 K;=45000.

Demand as well as capacities are assumed to follow a
lognormal density function
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—(Ina— p)°

1
exp[
V2roa 20°

where y and o are parameters of the lognormal distri-
bution. That is, q(z) = ¢(z| pa, 04) and fo(Yn) = G(Yn | pin,
on), N =1, 2, 3. The parameters of these distributions
are

o@lp, o) = } foralla > 0,

us =85 p, =83 w =85 pg=73
03=02 0,=05 ¢,=03 o04=05.

The upper critical numbers, S,s, can be computed us-
ing (29). Note that this computation need not be carried
out in a recursive fashion, i.e., the upper critical num-
bers can be obtained independent of each other. In fact,
since the implementation of the optimal policy requires
only S; (see Observation 3 for Corollary 1), there is no
need to compute any other upper critical numbers. For
the purpose of comparison, we report below all the S,;s

Sy = 2434, S, = 2177, S;=1708.

The lower critical numbers are calculated recursively
using (13) to obtain

s, = 214, s, =231, s3 = 453.

Since S; = 1708, the search for s; was limited between
zero and 1708. Similarly, after finding s, = 214, the
search for s, was limited between 214 and 1708. Note
also that s, is greater than zero despite the fact that K,
is zero. This is because the effective setup cost at stage
2 is greater than zero due to a positive setup cost at stage
1. Observe also that the critical numbers satisfy the
monotonicity property indicated in Corollary 1.

8. Concluding Remarks

A major goal of this investigation was to explore how
capacity uncertainties affect production decisions in a
multi-stage system with setup costs. Despite the un-
wieldy nature of the cost functions involved, we were
able to establish the optimality of a simple two-critical-
number policy. The critical numbers for successive
stages were shown to be monotonic. This fact was ex-
ploited for efficient computation of the critical numbers.
The monotonicity of the critical numbers also lead us to
the interesting conclusion that production for all but the
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very first stage can effectively be controlled using only
the lower critical numbers. In our effort to understand
how production decisions are affected by cost parame-
ters, we explored the sensitivity of the critical numbers
to these parameters. The impact of demand and capac-
ity uncertainties were also studied by letting their dis-
tributions change stochastically. These results provided
us with further insights on the interrelationship among
various stages of the system.

Appendix

PROOF OF LEMMA 3. Suppose (W, + h, — hny1) > —yn_a(sa_1) then,
from (22), gn(si_1) > 0. Since g,(u,) is increasing over interval (s,_i,
Sn-1), it remains positive over this entire interval. As a result, from
(21), yi(u,) is always positive. That is, y,(0) < y,(u,) for all u,, and
it is not worthwhile to produce at stage n. Q.E.D.

PROOF OF LEMMA 4. Consider y/,(u,) for u, € (Sn-1, Sn—1). Substi-
tuting (22) into (21),

Yh(Un) = Fa(Un)(Wn + hy = hoia) + Fo(Un) yi-a(Un),
for u, € (Sn-1, Sn-1)- (A1)
Similarly, for u, € (S,_2, Sn_2), vYn_1(Uy,) is given by
Yh-1(Un) = Faog(Un) (W1 + hnog — hy) + Faoa(Un) yh—a(Un),
which can be substituted in (A.1) to yield
Y(Un) = Fa(Un)(Wa + hy = hnia) + Fo(Un)Fooa(Un) (Wo-1 + By = hy)
+ Fa(Un)Fa-1(Un) yh-2(Un), for Uy € (sh-1, Sn-a).

Note that this substitution is valid because (S,_1, Sn-1) € (Sn—2, Sn_2) @s
indicated in (28). By recursive substitution, we can obtain y/(u,) in
terms of the model parameters alone. The result is

':_J(un)(wk + he = hyya)

M s
-

Yn(Un) =

=~
Il

1 j=k

Fi(un)Qua)(m + 1), U € (Sh-1, Sat)  (A2)

-

1

]

where we have used the definition of g,(u;) given in (7). Since the
upper critical number, S,, is the solution to equation y.(u,) = 0, u,
€ (Sn-1, Sn-1), the result follows. Q.E.D.

ProoF oF THEOREM 3. Using the implicit-function theorem, the
sensitivity of S,, with respect to any parameter p can be expressed by

0S8y Ova(S)/0p
p  OYhS)/0S,

From (23), for u, € (Sp—1, Sn-1),
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0yh(Sn)

95 = n(Sn) = F_n(sn)'yln,—l(sn) = fa(Sn)Gn(Sh)-

But g,(S,) = 0 from definition of S,, which makes the last term of the
above equation vanish. Hence

95, 9yi(S.)/0p
ap 'En(sn)'yg—l(sn) .
The sensitivity of S, to changes in cost parameters can now be obtained

by taking partial derivative of (29) with respect to h;, w;, = and K;
respectively and then substituting the results into (A.3). Q.E.D.

(A3)

PrROOF OF LEMMA 5. By the definition of s,,,
Sn
=K, = Vn(sn) - '}’n(o) = f 'Yé(un)dun-
0

From (21), y,(u,) can be decomposed into two subintervals (0, s,_;)
and (s,_1, Sn) instead of (0, s,). Hence, (25) can be rewritten as
(30). Q.E.D.

PrROOF OF THEOREM 4. From (9), s; = 0 if and only if K; = 0 since
s; € (0, S;) and v, is decreasing in (0, S;) by Theorem 2. Assume K;
= 0. From Theorem 2, v, is decreasing in (0, S,). Then, from (25), s,
= 0ifand only if K, = 0 since s, € (0, S;) by definition. If K, # 0, then
s; > 0. By Theorem 2, s, > s; > 0. Therefore K; must be zero to have
s, = 0. To proceed by induction, assume s, ; = --- =s; = 0 if and
only if K,_; = --- = K; = 0. By Theorem 2, vy, is decreasing in (0, S,,).
By the definition of the lower critical number, s, = 0 if and only if K,
=s,; = 0since s,_; € (0, S,) by definition. Suppose K; # 0 for some
i < n. Then, s,_; > 0 by assumption. By Theorem 2, s, > s,_; > 0.
Therefore, K; for all i < n must be zero to haves, =0. Q.E.D.

PROOF OF THEOREM 5. Suppose the setup cost at stage i increases
from K; to K;. Let the corresponding functions y,(-), Ca(-), etc., be
represented by 9.(-), €a(-), etc. Similarly, let the new critical numbers
be represented by §, and S, for all n. Recall that the upper critical
numbers are not affected by changes in setup costs (Property 4 of
Theorem 3), i.e., S, = S, for all n. Since the change at stage i does not
affect decision for any of the downstream stage, hence s; = §; for all j
< i. From (25), for stage i

%i(8) = 7(8) = %(0) — Ki = #(0) + K >0,

since v;(0) = %i(0) by Lemma 2 and K; < K;. Observe from (2) and (3)

that +y; is not a function of K;, i.e., yi(u;) = ¥i(u;) for all u;. Then, ;(5)

= %i($) < vi(si). By Theorem 2, ; is decreasing in (5;_1, S;), and both

s; and §; belong to interval (s;_y, S;). Hence, § > s; since v;(5) < vi(si)-
For stage i + 1, using (3), we can derive

")\’i+1(ui+1) - 'Yi+1(ui+1)
- f 16 W) — Cohe) 1R (vie)

+ 'Ei+1(ui+1)[éi(ui+1) = Ci(Uix1)],  DOuisa. (A4)

Consider (A.4) for u;,;, € (8, S;). Since §; > s; and S, =S;, the first term
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can be divided into three subintervals (0, s;), (si, §) and (5, ui11). Then,
substitute (20) into (A.4) to get

Fira(Uis1) = Yisa(Uiva)

- [ 5@ - nO1eF 00
+ J;v‘ [%i(0) = ¥i(Yis1) — KildFi 1 (Yisa)

Ui+1

+ f [Ki — KildFia(Yisn) + Foa(uin)[K — Kl (A5)
Observing that v;(0) = %;(0) from Lemma 2, the first term becomes
zero. The integrand of the second term can be rewritten as v;(s;)
— 7i(Yir1) by the definition of s;. By Theorem 2, v; is decreasing in (s;,
§i) < (Si-1, Si). Therefore, yi(si) > vi(Yisa) for yirs € (si, &). Hence, the
second term of (A.5) is also positive. The last two terms of (A.5) are
positive since K; > K;. As a result, %i,1(Uis1) > viea(Uiz1) in Gi, Siva).
By Lemma 2 and from the definition of the lower critical number, we
have

Yisa(Siv1) = ¥i41(0) — Kiva = $i21(0) — Kisa = Fisa(Siva)-

Hence, yi 1(Si+1) = Fie1(Siv1) > vir1(8ic1) since §i.y € (8, Siv1) by The-
orem 2. Notice that vy;,, is decreasing in (§;, Si.1) € (Si, Si;+1) by Theorem
2. Therefore, si;1 < Sit1.

To proceed by induction, suppose s,-1 < §,.; and 7y,_1(Un_1)
= Yn_1(un_1) in (8,_1, Sy) for n > i. Using a similar argument as above,
one can show that %,(u,) > yn(uy) in (5,-1, Sn). Using Lemma 2 and
Theorem 2, it follows that y,(S,) = ¥n($h) > vn(5n). But v, is decreasing
in (8,-1, Sn) € (Sn_1, Sn), hence s, < §,. Finally, to complete the proof
by induction, note from (28) that %,(u,) > yn(un) in (3, Sn+1) € (5n-1,
S,). Q.E.D.

PrRoOOF OF THEOREM 6. Suppose the penalty cost 7 increases to 7,
and the associated yn(-), s, and S, become 9,(+), &, and S, respec-
tively. Consider the relationship between §, and §,_; for the case when
the penalty is # from Lemma 5

$n

Sn—1
f F_n(un)[Wn + h, — hn+1]dun + f ',}\’é(un)dun = —Ki. (A6)
0

Sn-1
Since —K, is a constant, the difference between the left-hand-sides of
(30) and of (A.6) is zero. We will prove the theorem by induction. For
each stage n, we will show that unless s, > §, is true, the difference
between (30) and (A.6) will turn out to be negative. Hence, by contra-
diction, s, > §,.

For stage 1, the first terms of both (30) and (A.6) vanish since s,
= § = 0. Suppose s; = §;. Then, by subtracting (A.6) from (30), we
have

fo 94U — i(u)ldu, + f lu)du =0, (A7)

Since # > m, thereby yi(u;) > %1(uy) in (0, s;) C (0, =) from (A.2).
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Then, the first term of (A.7) is negative. The second term is also neg-
ative since the integrand, %1(u,), is negative in (s, §;) < (0, §;) by
Theorem 1. Hence, the left-hand side of (A.7) becomes negative. This
contradicts (A.7). Therefore, s; > §;.

Consider stage n. To proceed with induction, assume s,_; > §,_;.
In order to prove s, > §, by contradiction, suppose s, = §,. Hence,
§,1 < Sp1 < Sp < §,since s, ; = s, by Theorem 2. Subtract (A.6)
from (30)

Sn—1

[ Fwtn = hdu, [ a0,

n-1 n-1

S,
f
s,

n S
[¥4(un) — va(un)]du, + J; Yn(un)du, = 0. (A.8)
n—1 n
The first term of (A.8) is negative since w, + h, — h,.; > 0 by
Condition 2. By Theorem 2, 4}, is negative in (3,_1, S,), which con-
tains intervals (5,1, Sn—1) and (s, §,). Therefore, the second and
fourth terms of (A.8) are both negative. From (A.2), consider v/, in
(Sn—1, Sn-1) and %/ in (8,_1, §n,1). Since # > m, hence $/,(u,)
< ¥na(Un) in (Sn-1, Sn-1) = (Sn-1, Sn-1) N (§n-1, énfl) since S, ; < énfl
by Theorem 3. By Theorem 2, (s,_1, S,_1) contains interval (s,_1,
s,). Therefore, the third term of (A.8) is also negative. Hence, the
left-hand side of (A.8) is negative. This contradicts the equality in
(A.8). Asaresult,§, <s,. Q.E.D.

PROOF OF THEOREM 7 AND THEOREM 8. Can be proved using sim-
ilar mathematical arguments as for Theorem 6. Removed due to space
limit.

PrRoOOF oF THEOREM 9. Suppose that the demand distribution
changes from Q(z) to O(z) such that Q(z) = 6(2) for all z, and the
associated gn(-), ¥n(-), S» and S, become §n(-), 9n(-), §» and S, re-
spectively. We first show inductively that S, = §, for all stages. By
substituting (21) into (A.2) for u, € (S,—1, Sh—1), One obtains

n-1
gn(Un) = (W + hy — hnia) + Z F_j(un)(wk + hy = Neya)
k=1

j=k
~ 1 Q) + ho). (A9)
j=1

Since §, = s, = 0 and Sy = Sg = =, both g; and §, are defined in (0, ).
since Q(-) = Q(-), 61(-) = Gs(-) in (0, ). Then, §:(S1) = 6.(S:) = 0 by
the definition of S;. Hence, S; = S, since §; is increasing and §,(S;)
= 0. By induction, assume S,,_; = S._1. For stage n,

(1) IfS, < §,_,: By Theorem 2, S, = §, since §,_; = §,.

(2) IfS, > 8§, ,: From (A.9), consider gy in (Sn-1, Sn-1) and §, in (8,1,
Sa-1)- Since Q(+) = Q(-), Gn(+) = Gn(-) in (MaX{Sn-1, 8n-1}, Sn-1) = (Sn-1,
Sn-1) N (8n-1, Sn-1). By Theorem 2, both S, and S, belong to (max{s,_1,
§,-1}, Sn_1). Hence, §,(S,) = 9n(Sn) = 0 from (22). Then, 8, = S, since
g, is increasing in (Sn, $n-1) € (81-1, Sn_1).

Now, we need to prove that s, = §, for all stages. From (A.2), while
the demand density shifts from Q(z) to Q(z), we have #i(un)
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= yn(un) iNn{(Sn_1, Sn-1) N (Bn_1, én,l)} since §, = g, in the same range.
This result is analogous to the one that appeared in the proof of The-
orem 6, where the penalty cost increases from 7 to #. Following the
proof of Theorem 6, one can show thats, = §,. Q.E.D.

ProoF oF THEOREM 10. Assume the density of the capacity at stage
i changes from F;(y;) to Fi(y;) such that Fi(y;) = lf_i(yi) for all y;, and
the associated gn(-), s» and S, become §n(-), $, and S,,, respectively.
From (A.9), gi(u;) is not a function of F;(-). Hence, from (24) S; = §,.
From (21), if u; € {(si-1, Si) N (Gi_1, )} then

i) — 91 (u) = [F(u) — Fi(u)lgi(u) =0,

since gi(u;) = 0 by Theorem 2. From (22), if ui.1 € {(Si_1, Si) N (§i_1,
)} then

gi+1(u|+1) - gi+1(ui+1) = 'Yi,(unl) - "}"i’(uwl) =0.

By recursive substitution and (28), we obtain y,(u,) = %.(u,) and
9n(Un) = Gn(Un) in {(Sn-1, Sn-1) N (81, Sp-1)}forn > i.

By induction, assume S, ; = S,; for n — 1 > i. Then, g,(u,)
= §n(Un) in {(Sn—1, Sn_1) N (8n_1, Sn_1)}. For stage n, if S, < §,_4, then
Sp = S, since §,_; = S, by Theorem 2. If, on the other hand, S, > §,_1,
then S, € {(Sn-1, Sn-1) N (8n-1, Sn-1)} by Theorem 2. Hence, §.(S;)
= gn(Sn) = 0 from (22). Therefore, S, = S, since §, is increasing in (S,,
énfl) < (§n711 énfl)- QED
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